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Abstract. A natural stage in the development of automated systems is their digital transformation. This process is 

aimed at optimizing and improving production efficiency, one of the indicators of which is the stabilization and 

improvement of the quality of products while reducing losses. Advanced control Systems assume the presence of 

predictive models, but they often cannot or are not used in operational control tasks. These models are quite widely 

used in the petrochemical and mechanical engineering industries, a little less in the metallurgical industry, and are 

almost completely absent in the coal-processing industry. Thus, the development of structures and models suitable 

for predictive quality management is an urgent task. Models based on the full-scale model approach and multivariate 

structures have shown high efficiency in such tasks. An example of one of the possible integration structures of 

predictive product quality analysis models is given in this article. 
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Introduction 

Forecasting the quality of products is always given considerable attention, because it is better to prevent a 

defect than to state it. GOST 15467-79 defines quality forecasting as "determining the likely values of product 

quality indicators that can be achieved by a given time or within a given time interval" [1]. Well-known methods of 

predicting quality include statistical methods, neural networks, digital twins. These methods have areas of their 

effective application and are relevant only in some cases, and each task requires a separate study and a heuristic 

solution. 

One of the examples of predictive quality control [2], based on the methods of machine image processing, 

statistical estimates, cluster analysis of connected components, the results of metallographic studies, as well as 

estimates of the quality of workpieces, is intended for automated verification of the planned dynamics of changes 

and the formation of the necessary correction of key casting parameters. The proposed assistant performs the role of 

an adviser and a digital model for research and experiments, but is not tied into automatic process control. 

The second example also based on machine learning methods, talks about the methodology for obtaining 

formal models linking bitumen quality indicators with technological parameters of their production, both for 

classical regression equations and for formal neural networks [3]. The authors indicate that the methodology for 

obtaining such models is worked out on abstract dependencies, however, in the automated process control system, 

the use of such dependencies is impossible in a direct form, since the existing control and regulation circuits 

constantly influence the processes and without eliminating their effects, obtaining any adequate model is impossible 

both by classical identification methods and statistical methods, since it is not possible to their prerequisites are 

fulfilled [4]. 

For processes that take place in complex chains of technological units that produce physico-chemical 

transformations [5-7], it is especially important to evaluate and predict the output quality after each of 

transformations, since even a small deviation, albeit within acceptable limits at the very beginning of the chain, can 

lead to a large deviation at the end, leading to defect. Thus, the task of predictive quality management of processes 

and products [8], based on quality forecasting, arises. An example of such processes is coal enrichment processes. 

 

1 Theoretical Part 

In the coal enrichment industry, there is a method of long-term forecasting of the quality (ash content) of coal 

products [9]. This technique is designed to determine the quantitative values of the ash content of coal extracted, 

processed at concentrating plants and shipped (according to various brands and grades) of production associations, 

mines (sections) and factories for up to 25 years. The methodology is based on the apparatus of mathematical 

statistics and the theory of random processes, which are not suitable for forecasting in control systems [10]. 

The use of predictive models in management tasks is not a new approach. The American researcher R. 

Kalman started development such systems in the early 1960s. Nowadays, such models based on physical, chemical 

or empirical dependencies are one of the main elements of advanced control systems – Advanced Process Control 

(APC) [11]. 

An example of an advanced process control system from T-Soft LLC is presented in the Figure 1. 

In general, the management approach with predictive models is called as "MPC". The approach involves the 

use of a predictive model (PM) – an explicit model of the technological process as an element of the regulator in 

order to compensate for the dynamics of an open object and the description of the observed and unobservable 
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variables of the object, thereby improving the properties of a closed control system. Many well-known companies 

(Rockwell, Siemens, Emerson, Yokogawa/Shell, etc.) develop their MPC products, allowing them to be used both 

for their own equipment and for third-party equipment. 

Most commercial products do not disclose the underlying principles of forecasting, and the inability to refine 

models and algorithms without the involvement of foreign specialists significantly limits the possibilities of their 

using. 

Among the developments of scientists from Russia, the following examples of systems with predictive 

models can be distinguished – both physical [12, 13] and mathematical [14, 15]. In the mineral processing industry, 

an example can be given of a control system for the ore grinding complex with a ball mill [16].  

 

 
 

Fig 1. – Interface of the advanced process control system 

 

The author builds a predictive model based on a neural network that uses sensor data to indirectly control the 

overload of the mill with ore according to the calculated parameter of the mass of the material in the mill. In general, 

there are practically no competitive integrated products on the domestic market that implement the MPC approach, 

both for industry and for general industrial solutions. 

By presenting such systems in the symbols of the theory of automatic control, in general, for a circuit 

consisting of a single unit and its inputs/outputs, the following SAR structure can be formed on the basis of a 

modified Smith SAR (figure 2). In figure 2 Y* denotes specified values of quality indicators; ε – deviation of the 

specified values of quality indicators from the predicted ones; εΣ – deviation taking into account the effect of 

regulation without taking into account the delay in the system; U – controlling influence; W – disturbances; Y – 

output quality indicators; YМ – model values of quality indicators without taking into account disturbances; δUМ – 

deviation of quality indicators caused by disturbances; fQAS – predictive quality analysis subsystem; Ω – parameters 

required for forecasting; φτ, φо – lag and object models. In this case, the extrapolation operator is a quality prediction 

model for a certain contour of different nature and type. 

 
Fig 2. – SAR scheme with forecasting 

 

Unlike the extrapolator in Smith's SAR, any predictive quality analysis system can be used for forecasting. It 

can rely on various models, methods and algorithms, and as input data it accepts not only the values of deviations of 

the actual output variable from the model, but also additional parameters that are somehow tied in forecasting: 

variables of the object and the system as a whole; inputs and outputs; system parameters that are not tied explicitly 

in regulation, but having an impact on quality; the properties of the input material obtained from the data of 

regulatory maps and/or laboratory analyses; various datasets, if the trained neural network is the basis for 

forecasting; etc. 
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To form model values of quality indicators, normative quality models can be taken as a mathematical model, 

obtained on the basis of "ideal" regime maps that do not take into account possible deviations in the initial quality of 

products and disturbances. 

Integration of such predictive quality management subsystems is advisable to use both in digital adviser 

modes and to tie directly into automatic control and regulation if the system shows its high efficiency based on test 

results. 

 

2 Experimental Part 

In the existing control automation systems, the complexity of evaluating the effectiveness of predictive 

analytics systems lies in the fact that the built-in control circuits apply continuous control actions on the object to 

stabilize the quality. To assess the effectiveness in this case, you can use the methods of a full-scale model approach 

[17]. In this case, the use of the apparatus of recalculation models allows you to exclude the effects of control 

actions and adjust the system of predictive analysis on the object itself. 

The full-scale mathematical approach for creating predictive models in control systems has proven its 

effectiveness and has developed historically in parallel with the MPC approach. The adaptation of its methods and 

algorithms for quality management is a strong alternative to systems of well-known manufacturers, since they are 

not rigidly tied to computer technology and can be embedded both at the level of workstations and in programmable 

logic controllers, which solves the problems of synchronization in time and sampling step, as well as integration 

with the domestic software and hardware complex automated control system. 

If there are several predictive quality analytics systems, the effectiveness of each of them may depend on the 

situation and production conditions, then it is difficult to choose one of them as a predictor. The implementation of 

the multivariate mode [18] allows to choose the most effective system at the moment and implement management 

based on its results. 

The introduction of advanced control systems has become widespread in such industries as petrochemical, 

machine-building. Slightly less common, but they are in demand in the metallurgy industry. The coal-processing 

industry often surpasses those mentioned above in terms of automation [19], however, the introduction of APC 

technologies is extremely rare, and at the moment it is also difficult, since few domestic manufacturers offer 

"boxed" solutions in this direction, and in the coal industry there are none at all. 

A typical circuit for which such a system may be relevant is the enrichment of coal in a heavy-medium 

separator. The scheme of the section of the technological chain is shown in Figure 3. Control of this circuit is carried 

out by changing the density of the heavy medium by diluting the valve on water or increasing it by feeding fresh 

magnetite suspension. 

 

 
Fig 3. – Simplified diagram of a section of the technological chain  

of coal enrichment in a heavy-medium separator 
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As a rule, it is not accepted to equip such contours with in-line ash and moisture meters. Laboratory tests are 

spot-based and the delay in them can range from half an hour to several hours. It is advisable to apply an indirect 

assessment of the enrichment process according to the available data: 

– grade and available characteristics of the formation; 

– the actual value of the density of the heavy medium from the density meter; 

– actual indications of coal and rock separation by conveyor scales. 

The application of classical approaches to process management in this case is not effective, since the delay in 

the evaluation channels (τ1 and τ2) is better than the dynamics of the process. In this case, it is possible to make a 

model of indirect estimation and forecasting of coal quality based on the difference between the expected 

(normative) separation of ordinary coal from the actual one. In this case, it would be advisable to use systems with 

predictive models, as, for example, in figure 3. 

The development of the direction of predictive quality control of coal will increase the economic efficiency 

of production, solving the problem of "pumping" (associated with excessive costs and wear of equipment) and 

defects (associated with penalties). Improving the quality of coking coal grades is a necessary condition for the 

development and activation of the metallurgical industry, which is necessary for the development, in turn, of the 

machine-building industry.  

 

3 Predictive control of coal preparation 

The achievable quality of coal preparation is initially determined at the stage of process chain design, when 

enlarged enrichment blocks are defined: enrichment with heavy media in separators and hydro cyclones, in spiral 

separators, in flotation machines, etc. The chains are designed flexible and switchable so that, depending on the 

characteristics of the input raw materials, it is possible to obtain the specified quality due to combination and 

sequential inclusion of units and processing units to obtain the required enrichment depth. These chains are designed 

to be flexible and switchable so that, depending on the characteristics of the incoming raw material, a given quality 

can be obtained by combining and sequentially switching on units and stages to obtain the desired depth of 

enrichment. In such an environment of constant switching, which is often dynamic, it is virtually impossible to build 

adequate enrichment models based on physicochemical patterns suitable for prediction. 

In order to solve the problem of quality management, the technologists use the results of laboratory studies 

that combine particle size distribution and fractional analysis. So called "sieve-fractional" analysis allows to 

construct coal enrichment curves for each separate class in the heavy medium density grid. In this way it is possible 

to determine the required structure of the process chain for a given enrichment and density settings for each circuit. 

An example of enrichment curves of coal grade "Zh" for +13 mm class is presented in Figure 4. The shape of 

the curves is rather heterogeneous and does not allow approximating the curve with acceptable accuracy. This is 

caused by measurement errors, heterogeneity of sampling for analysis, non-stationarity of characteristics of one and 

the same grade and other reasons. To construct a more accurate enrichment curve, many laboratory statistics are 

required to eliminate errors and minimize them to construct an adequate approximating curve. 

 

 
Fig 4. – Examples of enrichment curves 

 

A large volume of laboratory studies allowed us to construct sufficiently accurate realizations of enrichment 

curves in the form of exponents with the following mathematical description: 

 
OUT b DA a e  ,      (1) 
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where AOUT is the output ash content; D is the density; a, b are curve parameters. 

To find the coefficients a and b, we apply the Nelder-Meade method of search optimization by mean-

modulus deviation. 

Based on this expression, we obtain the solution of the equation with respect to D: 

 
OUT*

*

ln
A

a
D

b

 
 
 

 , 

 

where AOUT* is the specified ash content; D* is the required density specification. 

The curve of a given input ash content is determined by interpolation between neighboring curves and further 

approximation by expression (1). Figure 5 shows the curve for coal with input ash content of 25%. Set ash content 

AOUT* = 17%, the found set density is D* = 1.63 kg/l. 

 

 
Fig 5. – Enrichment curves and set parameters 

 

The proposed system works as a digital tipster in the beneficiation plant in semi-automatic mode. The 

technologist sets the setpoint parameters and decides whether to accept the results of the tipster or set his own. The 

setpoint is then transmitted by the control system to the magnetite slurry density control loop, which begins to 

maintain the new level. 

At present, most production facilities can realize such systems only in the form of semi-automatic digital 

advisors. For full realization in the form of automatic predictive control systems, a serious digital transformation of 

all systems is required – process control systems, laboratories, warehouses, loading, etc. to integrate them into 

overall information space [20-23]. 

 

4 Conclusion 

Summarizing, it is worth noting that the model of indirect assessment and forecasting of coal quality presented in 

the work, based on the assessment of the difference between the expected (normative) separation of ordinary coal 

from the actual, allows for more effective management of the quality of finished products, which further contributes 

to improving the position of the organization in the market and the development of the economy as a whole. In the 

future, the model should be improved to reduce the probability of errors. 

 

References  

[1] GOST 15467-79. Product-quality control. Basic concepts. Terms and definitions. 

[2] Goryainov S., Krasilnikov A. Predictive assistant for quality control for the casting machine. In Foundry and 

metallurgy // 25th International Scientific and Technical Conference, BNTU, 2017. – P. 1-14. 

[3] Stashkov S.I., Shumikhin A.G., Sokolchik P.Yu., Shirkunov A.S., Yurkov D.A. Bitumen quality forecasting and 

management based on formal models // Engineering Bulletin of the Don, 2019. – P. 1-15. 

[4] Emelyanov S.V., Korovin S.K., Rykov A.S. – Kemerovo: Kuzbassvuzizdat Publ., 2007. – 307 p. 

[5] Surzhikov A.P., Lysenko E.N., Malyshev A.V., Vlasov V.A., Suslyaev V. I., Zhuravlev V.A., Korovin E.Y., 

Dotsenko O.A. Study of the Radio-Wave Absorbing Properties of a Lithium-Zinc Ferrite Based Composite // 

Russian Physics Journal, 2014, Vol. 57(5), P. 621-626 (2014). doi: 10.1007/s11182-014-0284-9. 



Material and Mechanical Engineering Technology, №3, 2024 

43 
 

[6] Lysenko E.N., Surzhikov A.P., Vlasov V.A., Malyshev A.V., Nikolaev E.V. Thermal analysis study of solid-
phase synthesis of zinc- and titanium-substituted lithium ferrites from mechanically activated reagents // Journal of 
Thermal Analysis and Calorimetry, 2015, Vol. 122. – P. 1347-1353. doi: 10.1007/s10973-015-4849-9. 
[7] Surzhikov A.P., Ghyngazov S.A., Frangulyan, T.S., Vasil’ev, I.P., Chernyavskii, A.V. Investigation of sintering 
behavior of ZrO2 (Y) ceramic green body by means of non-isothermal dilatometry and thermokinetic analysis // 
Journal of Thermal Analysis and Calorimetry, 2017, Vol. 128, no 2. – P. 787-794. doi: 10.1007/s10973-016-5966-9. 
[8] Plotnikova I., Vedyashkin M., Mustafina R., Plotnikov I., Tchaikovskaya O., Bastida J., Verpeta M. 
Optimization of the Stabilization System for Electromagnetic Suspension in Active Vibration Isolation Devices // 
MATEC Web of Conferences, 2016, Vol. 79. – 01019. https://doi.org/10.1051/matecconf/20167901019. 
[9] Ministry of Coal Industry of the USSR. Methodology of long-term forecasting of the quality (ash content) of 
coal products. – M№: TSNIEIugol, 1984. – 21 p. 
[10] Emelyanov S.V., Korovin S.K., Myshlyaev L.P. Theory and practice of prediction in control systems. – 
Kemerovo: Kuzbassizdat, 2008. – 259 р. 
[11] Amrit, R. Platform for Advanced Control and Estimation (PACE): Shell's and Yokogawa's Next Generation 
Advanced Process Control Technology // IFAC-PapersOnLine, 2015, Vol. 48, no 8. – P. 1-5 
[12] Krasovsky A.A. Optimal control by means of a physical predictive model // Automation and telemechanics. – 
Moscow, publishing house "Science", 2003. – 613 c. 
[13] Evtushenko V.F., Myshlyaev L.P., Makarov G.V.Adjustment of automatic control systems of production 
facilities at coal processing plants using multivariant physico-mathematical models // IOP Conference Series: Earth 
and Environmental Science, 2016. – Vol. 45. – P. 1-9 (012010) 
[14] Avdeev V.P. The restorative and predictive regulation of technological processes // News of higher educational 
institutions. – Ferrous metallurgy, publishing house of SMI. 1978 
[15] Gomboeva S.G., Shishkin I.F., Hamhanova D.N., Vasendina E.A, Plotnikova I.V., Efremova O.N. Sampling 
control planning on the base of operating characteristics and with a grapho-analytical method // Key Engineering 
Materials: Scientific Journal, 2016, Vol. 685. – P. 463-466. 
http://dx.doi.org/10.4028/www.scientific.net/KEM.685.463. 

[16] Zakamaldin A.A., Shilin A.A. Neural simulation of ball mill grinding process // IOP Conference Series: 
Materials Science and Engineering, Vol. 795. – 012010. 
[17] Yevtushenko V.F. The full-scale model approach and the theory of similarity in relation to control systems // 
Automation systems in education, science and production AS2019. – Novokuznetsk: publishing house of SibSIU, 
2019. – P. 21-24. 
[18] Gulevich T.M. On multivariate tasks of engineering activity in the presence of a market of automation tools and 
systems // Management of large systems. – Moscow: IPU, 1997. – 432 p. 
[19] Makarov G.V., Myshlyaev L.P., Salamatin A.S., Vdovichenko V.V. Integration features of control systems in 
multicomplex distributed production // E3S Web of Conferences, 2021, Vol. 330. – 03002. 
[20] Geary Rob, Cosgrove John. Manufacturing Reliability and Cost Improvements through Data Analytics: An 
Industry Case Study // Procedia Computer Science, 2023, Vol. 217. – P. 395-402. doi: 10.1016/j.procs.2022.12.235. 
[21] Gavrilin A., Moyzes B., Kuvshinov K., Vedyashkin M., Surzhikova О. Determination of optimal milling 
modes by means of shock-vibration load reduction on tool and peak-factor equipment // Materials Science Forum, 
2019, Vol. 942. – P. 87-96. doi: 10.4028/www.scientific.net/MSF.942.87. 
[22] Gavrilin A.N., Moyzes B.B., Kuvshinov K.A, Smyshlyaev A.S, Koksharova I. Using the Vibration Recorder 
Mobile Diagnostic Complex for Studying Vibration Processes // Material and Mechanical Engineering Technology, 
2022, Vol. 3. – P. 50-57. doi: 10.52209/2706-977X_2022_3_50 
[23] Sikhimbaev M.R., Sherov K.T., Zharkevich O.M., Sherov A.K., Tkachyova Y.O. Experimental studies of 
stabilization of boring cutter form - building top oscillation // Journal of Vibroengineering, 2012, Vol. 14, no 2. – P. 
661-670 
 
Information of the authors 

 

Makarov Georgy Valentinovich, c.t.s., associate professor, Sibirian State Industrial University 
e-mail: gmakarov@nicsu.ru   
 
Kolchurina Irina Yurievna, c.t.s., director of the Institute of Advanced Engineering Technologies, Sibirian State 
Industrial University 
e-mail: ira-kolchurina@yandex.ru 
 
Kolchurina Maria Andreevna, graduate student, Sibirian State Industrial University 
e-mail: kolchurina.masha@yandex.ru 
 
Plotnikova Inna Vasilevna, c.t.s., associate professor, National Research Tomsk Polytechnic University 
e-mail: inna@tpu.ru 
 
Moyzes Boris Borisovich, c.t.s., associate professor, National Research Tomsk State University 
e-mail: mbb@tpu.ru 

 

  

https://ezproxy.ha.tpu.ru:2077/authid/detail.uri?origin=resultslist&authorId=57118000200&zone=
https://ezproxy.ha.tpu.ru:2077/authid/detail.uri?origin=resultslist&authorId=7004550107&zone=
https://ezproxy.ha.tpu.ru:2077/authid/detail.uri?origin=resultslist&authorId=57118333800&zone=
https://ezproxy.ha.tpu.ru:2077/authid/detail.uri?authorId=36009546500&amp;eid=2-s2.0-84958212822
https://ezproxy.ha.tpu.ru:2077/authid/detail.uri?origin=resultslist&authorId=55636680600&zone=
https://ezproxy.ha.tpu.ru:2077/authid/detail.uri?origin=resultslist&authorId=57117621200&zone=
https://ezproxy.ha.tpu.ru:2077/source/sourceInfo.uri?sourceId=12378&origin=resultslist
https://ezproxy.ha.tpu.ru:2077/source/sourceInfo.uri?sourceId=12378&origin=resultslist
https://www.scopus.com/authid/detail.uri?origin=AuthorProfile&authorId=56669780700&zone=
https://www.scopus.com/record/display.uri?eid=2-s2.0-85063333999&origin=resultslist&sort=plf-f&src=s&sid=82bf0a097290765bd9277a941ead95c8&sot=autdocs&sdt=autdocs&sl=18&s=AU-ID%2856512419800%29&relpos=4&citeCnt=0&searchTerm=
https://www.scopus.com/record/display.uri?eid=2-s2.0-85063333999&origin=resultslist&sort=plf-f&src=s&sid=82bf0a097290765bd9277a941ead95c8&sot=autdocs&sdt=autdocs&sl=18&s=AU-ID%2856512419800%29&relpos=4&citeCnt=0&searchTerm=
http://dx.doi.org/10.4028/www.scientific.net/MSF.942.87

